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Abstract 

The visibility of qualifications is of central importance to labor search in general and the person-

job matching process in particular.  However, despite the emergence of LinkedIn and a wide 

variety of other labor matching technologies (LMTs) that magnify qualifications visibility (QV) 

and shape it in non-obvious ways, there has been very little attention to QV as a concept, its 

antecedents, and its consequences.  Accordingly, the objectives of this paper are to: (1) define 

QV and elaborate its dimensionality, (2) delineate how it is magnified and shaped by LMTs, (3) 

draw on theories of visibility, signaling, and strategic self-presentation to devise a theoretical 

model of labor search that places QV at its center, and (4) work through the implications of this 

model for future research on the influence of emerging LMTs and QV on labor search in an 

organizational context. 
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1. Introduction  

Visibility has become a popular topic for theorizing in management and communication 

(Brantner & Stehle, 2021; Brighenti, 2007; Treem et al., 2020), in part due to the rise of 

technologies that make people and things visible in new ways to new audiences. For example, 

scholars have developed theories of visibility for communication (Leonardi, 2014), information 

(Stohl et al., 2016), and behavior (Leonardi & Treem, 2020).  Despite growing attention, one 

kind of visibility that has yet to be theorized is the visibility of worker qualifications. This is 

somewhat surprising, since as I will show, qualifications visibility (QV) has important theoretical 

implications for labor search, itself a critical element of organizational staffing. A major increase 

in QV has been triggered by new technologies that capture and display data on workers and their 

qualifications (Agrawal et al., 2015; Autor, 2009; Purvis, 2016).  Among these are job boards, 

professional social networking sites (SNS), online labor markets, recruitment portals, and 

internal talent marketplaces. I refer to these as labor matching technologies (LMTs) because 

person-job matching is their most salient function with respect to QV.   

In the HR staffing literature, where one might most expect to see theorizing about QV, there 

appears to be only phenomenological attention to specific technologies that increase QV during 

recruitment and selection (Breaugh, 2008; Hickman et al., 2022; Holm, 2012; Tippins, 2015; 

Woods et al., 2020), rather than focused theorizing about visibility itself.  This attention deficit 

persists despite a striking rise in QV (LinkedIn now hosts about a billion worker profiles) and the 

essential role that visible qualifications play in the search for suitable workers and in assessments 

of person-job fit (Caldwell & O'Reilly III, 1990; Edwards, 1991). One possible explanation is 

that HR scholars mostly attend to the employer perspective, rather than the individual jobseeker 

perspective. For example, a large literature considers how employers can attract jobseeker 

attention (Chapman et al., 2005), such as by promoting their employment brands (Cable & 

Turban, 2003; Theurer et al., 2018) or using the Internet to increase the visibility of open jobs 

(Baum & Kabst, 2014)—but there is not a correspondingly large literature on how individuals 

can attract employer attention, such as by making their qualifications more visible.1 Even in 

research that takes the jobseeker perspective, scholars often concentrate more on how jobseekers 

can use new technologies to enhance their ability to search (e.g., (Trusty et al., 2019)), rather 

than how they can enhance their ability to be found.  

Whatever the reason for the prior lack of attention, my goal in this paper is to introduce QV and 

develop a model of labor search with QV at its center.  I begin by defining and elaborating the 

QV concept, informed by visibility concepts previously developed by management and 

communication scholars. Then I describe the contextual focus of this study—the labor search 

process as it relates to staffing—and how this process is evolving due to emerging LMTs. Next, I 

draw on theories and concepts related to visibility (Brighenti, 2007); signaling (Celani & Singh, 

2011; Connelly et al., 2011; Spence, 1978) and strategic self-presentation (Hogan, 2010; 

Leonardi & Treem, 2012) to model the antecedents, tensions, and consequences of QV.  I 

explain how LMTs contribute to a general increase in QV, and then explore three paradoxical 

tensions in which certain aspects of these LMTs each promote visibility in one way but diminish 

it in another. These tensions pertain to the level of crowding on LMTs, the level of application 

frictions they impose, and the amount discretion for strategic self-presentation they allow. To 

complete my theorizing, I consider the consequences of QV in the context of labor search.  In 

 
1 There is some work on visibility that arises from celebrity or star power (Terry et al., 2023), but it is not 

specifically aimed at visibility of qualifications. There is also a marketing literature pertaining to online personal 

branding (Labrecque et al., 2011), however, it is not centered on branding for the purpose of attracting employer 

attention during job search.  
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particular, I develop a formal proposition linking QV to the efficiency of labor search, and then 

offer some initial conjectures about the indirect consequences of QV operating through labor 

search as a mediating variable.   

The central contributions of this paper are to: (1) define QV and elaborate its dimensionality, (2) 

delineate how it is magnified and shaped by LMTs, and (3) devise a theoretical model of labor 

search that places QV at its center.  As I explain in the discussion section, these contributions 

have some compelling implications for future work by both visibility researchers and scholars 

interested in the influence of emerging LMTs on QV and labor search.  

2. Visibility and Qualifications Visibility  

Scholars have shown increasing interest in the concept of visibility in organizations and society. 

Brighenti (2007) argues that visibility should be treated as a general conceptual category.  

Subsequent work has developed narrower concepts, including information visibility (Stohl et al., 

2016), communication visibility (Leonardi, 2014; Treem et al., 2020), behavior visibility 

(Leonardi & Treem, 2020), online visibility (Lappas et al., 2016), and digital visibility (Brantner 

& Stehle, 2021; Rhue, 2014).  

Continuing this line of work, I define qualifications visibility (QV) as the ease with which salient 

actors can discover, access, and interpret a person’s qualifications for particular jobs or tasks.  

As with other definitions, my conception goes beyond the mere ability of some audience to 

physically observe qualifications—after all, it hardly matters if something can be seen in 

principle if it is too difficult to see in practice, or if seen, will not be understood or properly 

interpreted. The idea that visibility is tied to the effort a viewer must exert runs through Leonardi 

and Treem's body of work on visibility (Leonardi, 2014; Leonardi & Treem, 2012; Leonardi & 

Treem, 2020; Treem & Leonardi, 2013; Treem et al., 2020), and the work of other visibility 

scholars (Brantner & Stehle, 2021; Lappas et al., 2016). 

As with other notions of visibility, my conceptualization is: (1) context-specific, (2) inherently 

relational, and (3) multi-faceted. I elaborate on these three elements below.  

2.1 Visibility is Context-Specific 

For visibility to be useful in management research, it must be defined in relation to some context 

and its associated objects of visibility, such as people or things or information. While Brighenti 

has defined a general notion of visibility as a phenomenon that “lies at the intersection of 

aesthetics (relations of perception) and politics (relations of power)” (Brighenti, 2007, p. 324), 

scholars of management and communication have devised narrower definitions for specific 

categories of visibility (see Appendix A).  In my case, the context is labor search, and the 

objects of visibility are representations of worker qualifications.   

QV is, of course, anchored on the concept of qualifications. Here I define work qualifications 

(henceforth just “qualifications”) as attributes of a person that determine their suitability to 

perform certain jobs or tasks in a particular work context. These attributes include knowledge, 

skills, abilities, and other characteristics (KSAOs), with the “other” category encompassing an 

individual’s motivations, preferences, general behavioral tendencies, and character (Acikgoz, 

2019; Campion et al., 2011; Heneman et al., 2019, p. 10; Ployhart, 2006). Qualifications are 

often linked to particular tasks, and that means a job’s tasks largely determine which KSAOs an 

individual will need for that job. Qualifications also encompass facts about a person that permit 

inferences about their KSAOs, such as work history, work-related goals and desires, formal 

credentials, example work products, and observational records from interviews and pre-

employment assessments (Phillips, 2023, Chapter 9; Schmidt & Hunter, 1998; Tippins, 2015).   
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While some qualifications can be observed directly, more often they are made visible though 

representations of various sorts, such as resumes or assessment results. These representations 

serve as containers for communicating particular subsets of a person’s qualifications. The most 

important trend regarding QV is the increasing digitization of qualifications themselves, and 

digitization of the methods used to represent and assess them. In the analog era, qualifications 

were represented with printed resumes or other physical artifacts that were only accessible to 

people who had copies of those artifacts.  However, platforms such as Indeed and LinkedIn now 

provide representations of resumes, recommendations, test scores, and so on (Brenner et al., 

2020; Roulin & Levashina, 2019; Van Dijck, 2013). Work samples can now be stored and shared 

digitally.  Emerging digital selection tools (see (Woods et al., 2020) for a review) automate both 

the interview process (Hickman et al., 2022; Lukacik et al., 2022) and the initial analysis of 

qualifications (Sajjadiani et al., 2019), and make the results available for viewing throughout the 

hiring organization (Feloni, 2017). Status markers (Levina & Arriaga, 2014) and the scores 

generated by various reputation systems (Kokkodis, 2021; Resnick et al., 2000; Tadelis, 2016) 

also serve as representations of qualifications, in that actions promoting a person’s online 

reputation (such as for performing well in completing some task) will also usually provide 

evidence of qualifications (such as to perform such tasks in the future).  

2.2 Visibility is Inherently Relational  

Visibility is inherently relational (Brighenti, 2007; Leonardi & Treem, 2020; Treem et al., 2020), 

in that it links an audience of potential viewers to the things to be viewed.  With QV, the things 

to be viewed are representations of qualifications.  This relational linkage occurs on a field of 

visibility, which is a physical or virtual space that encompasses both the audience of viewers and 

the people or things to be viewed (Brighenti, 2007).  

The audience depends on which context is salient.  For qualifications, the relevant context is 

labor search and person-job matching (Caldwell & O'Reilly III, 1990; Edwards, 1991).  The 

audience includes human recruiters and, increasingly, non-human actors, i.e., algorithms 

(Horton, 2017), which sometimes process qualifications that are hidden from human observers. 

For example, the matching algorithm used by one online labor market incorporates confidential 

ratings from employers that are not part of a worker’s public profile (Rahman, 2021). 

Nevertheless, these otherwise hidden qualifications are indirectly visibility to recruiters when 

those recruiter rely on the scores or ranked results produced by such algorithms. 

2.3 Visibility is Multifaceted  

A third key aspect of visibility is that it is multi-faceted and goes beyond the ability of some 

audience to physically observe certain objects of visibility.  For example, Brantner and Stehle 

(2021) specify three levels of digital visibility: (1) being noticeable (i.e., the likelihood of being 

seen), (2) being heard or noticed (i.e., actually being seen), and (3) being respected or recognized 

(i.e., receiving one’s fair share of visibility).  

My definition incorporates three dimensions of visibility that are particularly relevant when 

matching people to jobs or tasks: discoverability, accessibility, and interpretability. 

Qualifications are more discoverable when actors can more easily find a worker when looking 

for people that have that worker’s qualifications.  They are more accessible when actors can 

more easily locate, retrieve, and process fuller details about workers once found.  They are more 

interpretable when these details can be more accurately mapped to, and allow actors to make 

more valid inferences about, a person’s KSAOs.  

I further decompose discoverability into two subdimensions: detectability and noticeability. This 

creates the distinctions necessary to illuminate certain tensions associated with fields of visibility 

(to be explained later in Section 4.2).  Qualifications are detectable when they appear on a field 
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of visibility that is viewable by salient actors.  Visibility fields can be physical, such as the city 

streets in which Goffman (1971) studied the visible connections between urban dwellers.  In my 

case, visibility fields are metaphorical. For example, 100 resumes stacked on a recruiter’s desk 

can be treated as a visibility field that connects one recruiter to 100 applicants. The presence of 

an applicant’s resume in this pile makes their qualifications detectable, but not necessarily 

noticeable.  The visibility fields for qualifications are increasingly determined by LMTs (such as 

job boards), which connect an audience of recruiters to a set of jobseekers who have a presence 

on the LMT. In fact, these technologies create fields of mass visibility, where many thousands of 

individuals congregate. 

Qualifications are noticeable to the extent that they are likely to draw the attention of salient 

actors that are scanning a field of visibility. Resumes at the bottom of a pile of 100 are less 

noticeable than those on the top even though they are equally detectable because of their 

presence in the pile. One of the tensions I develop later (in Section 4.2.1), is that as more 

jobseekers crowd onto a particular field of visibility constituted by an LMT (such as by applying 

for a job on a firm’s recruitment portal) this swells the ranks of people who are detectable, but 

each becomes less noticeable. While noticeability does feature in some prior conceptualizations 

of visibility (e.g., (Brantner & Stehle, 2021; Treem et al., 2020)), detectability does not. 

To sum up, the QV dimensions identified above constitute a set of interconnected visibility 

pathways that a recruiter must walk if they are to fully see an individual and their qualifications.  

The journey begins with a walk down the detectability pathway, such as when a recruiter obtains 

access to a job board populated with qualifications data for a set of potential candidates.  It 

continues along the noticeability pathway, when the recruiter enters search terms and scrutinizes 

the result set. Next comes the accessibility pathway, where the recruiter clicks through on certain 

individuals to see details about their qualifications. The journey concludes on the interpretability 

pathway, where the recruiter makes sense of these details with respect to the position to be filled.  

3. A Theoretical Model of QV: Antecedents, Tensions, and Consequences  

In the preceding sections I developed core ideas related to QV. Based on this foundation, I now 

present a model of the antecedents, tensions, and consequences of QV that integrates concepts 

related to visibility (Brantner & Stehle, 2021; Brighenti, 2007; Leonardi & Treem, 2020); 

signaling (Celani & Singh, 2011; Connelly et al., 2011; Spence, 1978) and strategic self-

presentation (Goffman, 1959; Hogan, 2010; Leonardi & Treem, 2012) in the context of labor 

search (Autor, 2001; Rogerson et al., 2005) (see Figure 1 and Table 1). 

 

Figure 1. Theoretical Model 

I start by describing some pertinent aspects of the theoretical context. Then I examine how LMTs 

shape QV in general, and how this shaping depends on two LMT characteristics: scope and locus 

of control (P1). I then develop three propositions (P2a, P2b, and P2c) that reflect paradoxical 

tensions in the relationship between LMTs and QV.  Next, I consider the consequences of QV in 
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the context of labor search.  I develop a formal proposition directly linking QV to labor search 

efficiency (P3), and then identify some plausible indirect consequences of QV acting through 

labor search efficiency. While space limitations do not allow these indirect consequences to be 

formally theorized here, my initial conceptualization highlights opportunities for future work.   

Table 1: Construct Definitions 

Construct Definition 

Labor Matching 

Technology 

(LMT) 

Labor matching technologies gather and store data on worker qualifications and make 

this data available to recruiters and hiring managers.  

Qualifications 

Visibility (QV) 

Qualifications visibility is the ease with which salient actors are able to discover, 

access, and interpret a person’s qualifications for particular jobs and tasks 

Discoverability Qualifications are discoverable to the extent salient actors can easily find 

representations of a worker’s qualifications. Discoverability has two subdimensions, 

detectability and noticeability.    

Detectability Qualifications are detectable when they appear on a field of visibility that 

encompasses salient actors. (Detectability is a subdimension of discoverability.) 

Noticeability Qualifications are noticeable to the extent they draw the attention of salient actors 

when scanning a field of visibility. (Noticeability is a subdimension of 

discoverability.) 

Accessibility  Qualifications are accessible to the extent salient actors can easily locate, retrieve, 

and process fuller details about qualifications once found. 

Interpretability Qualifications are interpretable to the extent these details can be accurately mapped 

to, and allow salient actors to make more valid inferences about, a person’s 

knowledge, skills, abilities and other characteristics (KSAOs). 

Field of 

Visibility 

A field of visibility is a bounded physical or virtual space which connects some 

objects of visibility (people or things) to a set of potential viewers (people or 

algorithms). LMTs create fields of visibility. 

Crowding  Crowding on a visibility field occurs when a large number of people cram or flock 

onto the field. 

Application 

Frictions 

Application frictions refer to elements of the application process that increase the 

time or resources people must devote to learning about whether the other party is 

application-worthy, and then completing the application process itself. 

Discretion for 

Strategic Self-

Presentation  

Discretion for strategic self-presentation refers to the extent to which individuals can 

shape representations of their qualifications in ways that they believe will best 

advance their occupational goals, with this shaping ranging from selective 

disclosures, to minor exaggerations, to major falsifications.  

Labor Search 

Efficiency  

Labor search (LS) efficiency is the inverse of the level of resources needed to find, 

assess, and acquire a qualified and interested worker for a particular job or task.   

3.1 Theoretical Context: Staffing and Labor Search in the Digital Age  

This study focuses on labor search as it relates to organizational staffing. Staffing is concerned 

with three main activities: hiring, deployment, and retention (Heneman et al., 2019, p. 10; 

Ployhart, 2006).  Labor search features directly in the first two of these activities, and indirectly 

in the third, in that labor search can be triggered by a retention failure.  

Hiring is a process of labor search that unfolds over a set of stages. These include sourcing 

(deciding where to recruit and locating potential leads), recruitment (publicizing open positions 

and encouraging individuals to apply), assessment (putting applicants through interviews, skills 

tests, etc., that enable an evaluation of their qualifications), selection (using qualifications and 
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other data to decide who is the best fit), and acquisition (filling the position) (Phillips, 2023, p. 

9). Hired individuals are then deployed, i.e., assigned to their initial jobs and tasks, and then 

guided through subsequent movements to new ones.  

In the practitioner literature, these stages are often depicted as a funnel (e.g., (Holmes, 2019)).  

Many candidates enter the process (represented by the wide end of the funnel), but at each stage 

some get winnowed out until just a few emerge with job offers (see Figure 1).  Most funnel 

depictions assume the recruiter is trying to hire a new full-time employee. However, the same 

stages apply—albeit with some modification—to two other hiring scenarios: internal hiring (i.e., 

using existing employees to fill open positions (Phillips, 2023, Chp. 10)), and hiring gig workers 

(Aguinis & Lawal, 2013)).  

 
Figure 1. The Hiring Funnel2 

3.1.1 Labor Matching 

A general process of labor matching lies at the center of the external, internal, and gig hiring 

scenarios.  Many benefits flow from effective matches for individuals (e.g., higher job 

satisfaction), employers (e.g., a more productive and stable workforce), and the economy as a 

whole (e.g., more efficient allocation of labor) (Barrick & Parks-Leduc, 2019; Caldwell & 

O'Reilly III, 1990; Weller et al., 2019).  

Of particular interest here is person-job matching, which Heneman (2019, p. 6) has argued is 

foundational not just to the hiring process, but to all staffing activities. A similar perspective is 

taken in (Weller et al., 2019).  The primary goal of person-job matching is the creation of high-

quality matches, i.e., the placement of people into jobs for which they are well-suited owing to 

high person-job fit (Caldwell & O'Reilly III, 1990; Edwards, 1991) and high person-

organization fit (Kristof‐Brown et al., 2005).  More specifically, a high-quality match is one in 

which the qualifications and motivations of a person are well-aligned with the requirements and 

rewards of the job3 (Edwards, 1991; Heneman et al., 2019, p. 18).  

After individuals have been hired, managerial attention turns to staff deployment, which 

encompasses the placement of new hires into their initial job roles and their subsequent 

movement through the organization into new roles, projects, and tasks (Bidwell, 2020; Heneman 

et al., 2019, p. 10).  The latter facet of deployment often involves labor search and matching, 

 
2 The specific stages depicted here are based on those described in (Phillips, 2023, Chp. 10). 
3 Here I use job to refer to any aggregation of work, ranging from roles, to specific projects, assignments, or tasks, 

whether they be performed by regular full-time employees, gig workers, or other kinds of non-standard workers 

(Cappelli & Keller, 2013; Cascio & Boudreau, 2017). 
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because an internal employee’s move to a new role is usually enabled by the existence of a 

manager somewhere looking for a person like them.  

3.1.2 Digitized Qualifications and Labor Matching Technologies   

As with digital platforms more generally (Goldfarb & Tucker, 2019), most labor matching 

technologies (LMTs) perform two basic functions: facilitating matching and improving 

transaction efficiency.  I define an LMT as any platform or technology relevant to labor search 

that gathers and stores data on worker qualifications and makes this data available to recruiters 

and hiring managers (Table 2 describes a dozen kinds of LMT.)  I highlight the term matching 

because their matching function is most salient to this paper, although many of them do much 

more than match candidates to jobs. For example, online labor markets also enable clients to 

collaborate with, monitor, and pay gig workers (Agrawal et al., 2015).   

Some LMTs are public while others are firm-specific. Public platforms are operated by 

intermediaries to facilitate matchmaking between a general population of employers and a 

general population of workers. These technologies include traditional job boards (Bonet et al., 

2013; Nakamura et al., 2009), comprehensive job boards (Autor, 2009; Bagues & Labini, 2009), 

professional social networking sites (SNS) (Bonet et al., 2013; Roulin & Levashina, 2019), 

people aggregator sites (Phillips, 2023, p. 221), credential networks (Nietzel, 2020), and online 

labor markets (Agrawal et al., 2015; Constantinides et al., 2018; Kokkodis, 2021).4   

Table 2: Labor Matching Technologies  
Type Description 

Traditional 

Job Boards  

Job boards (e.g., ZipRecruiter, Indeed) allow employers to list jobs and search for 

workers. Jobseekers create profiles, list qualifications, search for jobs, and submit 

applications (Bonet et al., 2013; Nakamura et al., 2009).  

Comprehensive 

Job Boards  

Comprehensive job boards (e.g., AlmaLaurea) resemble regular job boards, except 

all members of a given population are automatically added by some authority based 

on the administrative records they possess or have acquired (Bagues & Labini, 2009).  

For example, AlmaLaurea provides “the university equivalent of open records for job 

applicants: a college transcript, a class ranking, and, implicitly, a comparison of each 

applicant to his or her immediate peers” (Autor, 2009, p. 7).  

People 

Aggregator 

Sites  

People aggregator sites (e.g., Pandologic, TalentBin) use web-crawlers to scrape 

qualifications and other personal data from public sources (e.g., social media sites, 

employer profile pages) and make that available to clients (Black & van Esch, 2020; 

Phillips, 2023, p. 221).  

Professional 

SNS  

Professional SNS (e.g., LinkedIn, ResearchGate) were originally created to allow 

people to establish connections for work-related purposes (Bonet et al., 2013), but 

now also serve as a resource for discovery of passive job seekers. Some also offer 

matching services similar to job boards.   

Credential 

Networks    

Credential networks (e.g., VLF’s Velocity Network) let individuals securely store 

and share validated credentials (i.e., degrees, licenses, certifications, badges) that 

have been verified by the grantors of the credentials. The Velocity Network supports 

a self-sovereign identity (SSI) model, meaning individuals control how their data is 

kept and used (Lacity & Carmel, 2022; Nietzel, 2020). 

 
4 I omit general SNS and other forms of social media from this list because their purpose is not to promote person-

job matching, even though recruiters do increasingly scrutinize information about candidates on these platforms, 

despite much controversy over whether they should do this (Landers & Schmidt, 2016; Roth et al., 2016).  
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Online Labor 

Markets 

Online labor markets (e.g., Upwork, Freelancer) match external gig workers to 

employers that have tasks to complete (Agrawal et al., 2015; Constantinides et al., 

2018; Kokkodis, 2021). Employers create task specifications, list necessary 

qualifications, conduct searches, and then hire and monitor gig workers.  Gig workers 

create profiles, designate qualifications, and then search and apply for jobs.  

Talent 

Acquisition 

Suites  

Talent acquisition suites (i.e., Greenhouse, IBM Kenexa) support all aspects of the 

hiring process for an employer, including managing connections to job boards, 

marketing and brand management, pre-hire skills assessments and psychological 

testing, online candidate interviews, candidate scoring, background checks, and 

applicant tracking (Bersin, 2017). These suites serve as a hub that combines 

candidate data gathered from external sites (e.g., job boards) with data directly 

solicited from applicants (e.g., via application blanks, questionnaires, and tests). 

Recruitment 

Portals   

Recruitment portals are used by employers to promote their employment brands, 

list open positions (Baum & Kabst, 2014), connect candidates to digital selection 

tools (e.g., application blanks, psychometric testing, asynchronous video interviews 

(Woods et al., 2020)), and feed data to other platforms (e.g., talent acquisition suites 

and talent communities) (Heneman et al., 2019, p. 232).  

Talent 

Communities 

  

Talent communities (e.g., PwC Talent Community) allow employers to build and 

curate a collection of high-potential future job candidates that the firm would like to 

stay connected to (Phillips, 2023).  Individuals self-select or get invited to apply, then 

are screened for eligibility to join the community. Member profiles are housed in a 

stand-alone platform or added to a talent acquisition suite (Phillips, 2023, p. 245-6; 

PwC, 2023).  

Talent 

Exchanges   

Talent exchanges (e.g., Washington Post, PwC) house a collection of pre-qualified 

freelancers. As with talent communities, individuals apply for membership by 

communicating details about their qualifications and interests, and get screened to 

determine eligibility to join the exchange.  

Talent 

Management 

Suites 

Talent management suites (e.g., Oracle, Workday, SAP) provide modules for 

employee development, career planning, retention, and internal mobility (Heneman et 

al., 2019, p. 519). They store an employee's general profile (similar to a resume) and 

accumulate details about the individual’s experiences at the firm (e.g., learning and 

development activities, work assignments, performance evaluations).    

Internal Talent 

Marketplaces   

Internal talent marketplaces (e.g., Gloat, Fuel50, Eightfold) allow organizations to 

create an internal, on-demand market that is similar to an online labor market, except 

they are targeted at current employees of the firm.  These platforms match standard 

workers to discretionary gigs to be completed in addition to their regular job duties. 

They also connect internal gig workers to their next assignment (Fuller et al., 2020; 

Kiron et al., 2020). 

By contrast, firm-specific LMTs are operated by particular firms to facilitate the hiring of new 

workers, and the matching of existing workers to jobs within that firm. These include web-based 

recruitment portals (Baum & Kabst, 2014), which among other things serve as a hub for digital 

selection procedures (Woods et al., 2020); talent acquisition suites (Bersin, 2017);  talent 

communities (Phillips, 2023, p. 245-6; PwC, 2023); talent exchanges (Friess, 2017; King & 

Ockels, 2016); talent management suites (Heneman et al., 2019, p. 519); and internal talent 

marketplaces (Bryan et al., 2006; Fuller et al., 2020; Kiron et al., 2020; Malone, 2004).  

Having just elaborated key elements of the theoretical context, I now turn to the development of 

theoretical propositions, starting with one that links LMTs to QV.  

3.2 How Labor Matching Technologies Promote QV  

In general, LMTs increase the visibility of qualifications by promoting each of the three 

dimensions of QV (see Table 3). For example, by adding their qualifications to LinkedIn, a 

person makes them visible, in principle, to any of the 50 million or so weekly visitors to this 
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platform. As with other LMTs, LinkedIn aggregates evidence of KSAOs for pools of individuals 

who possess various qualifications, and then makes it possible to find, from within these pools, 

those who possess the qualifications a recruiter needs.   However, just because there are many 

visitors in a given week who could view a certain profile, that does not mean anyone actual will 

view it. I included the qualifiers ease and salient in my definition of discoverability to highlight 

that it is not just the theoretical ability to be discovered that matters with respect to visibility but 

the ease of discovery, and not just by anyone, but by salient actors, such as those recruiters with 

an open position that plausibly fits a person’s qualifications. Furthermore, these qualifications 

must be easy to access and interpret if recruiters are to make effective use of search and filtering 

tools to support accurate judgements about fit. 

Table 3: How LMTs Promote QV 

QV Dimension Description 

Discoverability Recruiters can use key word filtering and matching algorithms to identify and screen 

potential and actual job candidates. For public LMTs these candidates will be external, 

while for firm-specific LMTs these candidates can be external, internal, or a member of 

the firm’s talent community or talent exchange.  Recruiters can arrange to receive push 

notifications on actual or potential jobseekers who meet pre-defined criteria.   

Accessibility  Recruiters have drill-down options on candidates they discover. Also, they can solicit 

additional data through application blanks, skills testing, AI-enhanced video interviews, 

and other means. Employer-solicited data creates an augmented record of an individual's 

qualifications that goes beyond what they might choose to put on their resume or job 

board profile.  

Interpretability Most public and firm-specific LMTs enhance interpretability through the use of 

classification schemes for structured data, and text mining for unstructured data. Many 

of them—particularly firm-specific platforms—also enhance interpretability by 

augmenting applicant-volunteered data with data solicited or otherwise acquired by the 

platform owner.  

Although LMTs share certain similarities per Table 3, they also have notable differences. For 

example, details regarding a person’s work history will only be accessible on platforms that store 

such history, such as online labor markets and internal talent markeplaces. Qualifications will be 

more interpretable on platforms where third parties provide validation, such as credential 

networks.   In the next section, I drill down further on LMT differences, and analyze variations 

pertaining to: (1) scope of use in the hiring process, and (2) locus of control over QV. 

3.2.1 LMT Variations Pertaining to the Scope of Use in Hiring 

Table 4 identifies LMT characteristics that influence their scope of use.  To keep things simple, I 

use binary contrasts, starting with whether they are public vs. firm-specific, and then whether the 

kind of hiring they intend to serve is for external vs. internal candidates, active vs. passive 

candidates, and standard vs. gig candidates. (When an LMT is roughly balanced between two 

end points I check both columns.)  Below I consider these contrasts and how they shape QV.  

Public LMTs obviously have a wider scope of use than firm-specific LMTs.  They create a utility 

that is open (in principle) to any recruiter and worker, rather than just those linked to a single 

firm. As a result, public LMTs generally do more than firm-specific LMTs to enhance the 

discoverability dimension of QV.  

The focus of hiring also matters. Public LMTs promote the visibility of external workers, while 

firm-specific LMTs usually target both external and internal workers, albeit for only one firm.  

Professional SNS and people aggregators expand visibility into passive job candidates, which 

greatly outnumber active candidates.  Most LMTs focus on standard workers (i.e., full-time 

employees of the firm to be retained for an indefinite duration), but some focus on gig workers 
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that perform a one-off task.  To sum up, an LMT’s scope of use in hiring influences which 

populations of potential job candidates are made visible to which recruiters.  

Table 4: LMT Scope  

Category Public/Firm Focus of Hiring 

Public Firm-

specific 

External Internal Active Passive Standard Gig 

Traditional Job Boards  √   √   √   √   

Comprehensive Job Boards  √   √   √   √   

People Aggregator Sites   √   √     √ √   

Professional SNS √   √     √ √   

Credential Networks   √   √   √ √ √   

Online Labor Markets  √   √   √     √ 

Talent Acquisition Suites    √ √ 
 

√ √ √   

Recruitment Portals    √ √   √   √   

Talent Communities    √ √     √ √   

Talent Exchanges    √ √   √ √   √ 

Talent Management Suites    √   √ √ √ √   

Internal Talent 

Marketplaces  

  √   √ √     √ 

3.2.2 LMT Variations Pertaining to Locus of Control Over QV 

Another key variation is whether the locus of control over QV resides primarily with LMT 

operators, with the individuals themselves, or is roughly balanced between both parties. For 

public LMTs those operators are labor market intermediaries (Bonet et al., 2013) standing 

between jobseekers and employers, while for firm-specific LMTs they are a single employer.  

There are three facets to this control: (1) whether an individual will have a presence on an LMT, 

and when they do, (2) what the extent of qualifications data to be stored on the LMT will be, and 

(3) what data will be made accessible to which audiences.  Table 5 illustrates how the locus of 

control varies across these three facets for different LMTs.   

On the first facet, primary control over LMT presence can reside with the LMT operator, or with 

individuals, or can be roughly balance between the two.  Increasing operator control over 

presence reduces the potential for adverse selection and moral hazard (Autor, 2009; Liu et al., 

2021), which, in turn, promotes the interpretability dimension of QV.  It can also greatly increase 

the potential number of jobseekers who are discoverable, such as when LMT operators add 

individuals en masse (as in the case of aggregators.) 

On the second facet, data extent can be limited to what is volunteered by individuals, or it can 

include data solicited or created by LMT operators (i.e., employers or public LMT owners). 

Employers have long used application forms, job interviews, testing, etc., to solicit data to 

supplement candidate-supplied data. Digitization has increased the efficiency of data collection, 

which may explain the resurgence of interest in pre-employment testing (Cappelli, 2019).  Public 

LMT operators can also exert control over data extent.  They can gain wholesale access to 

institutional records, as in the case of comprehensive job board AlmaLaurea. They can obtain 

data from public sources, such as when aggregators scrape data from public sites or access 

government databases.5  They can empower third parties to contribute data, such as when 

LinkedIn allows endorsements on specific skills possessed by a worker.  

 
5 ProQuest Pivot, which hosts a presence for over three million scholars scraped from profile pages and digitized 

CVs appearing on university websites, provides an interesting example that combines aspects of comprehensive 

job boards and aggregator sites.  
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Table 5. Locus of Control Over Platform Presence, Data Extent and Data Access 

 

LMT Type 

Locus of  Control Resides Primarily with LMT Operators or Individuals or is 

Balanced for:  

Platform Presence Qualifications Data 

Extent 

Qualifications Data 

Access  
Traditional Job 
Boards  

Individuals: People decide 
whether to create a presence.   

Individuals:  People 
create profiles and list 
qualifications. Employers 
may solicit additional data 
during applicant screening. 

Individuals: People 
designate whether their 
profiles are available to 
all, or only selected 
employers. 

Comprehensive 
Job Boards  

LMT Operators: The 
platform operator 
unilaterally creates a 
presence for a set of 
individuals. 

LMT Operators: The 
operator decides what data 
to host, although it usually 
must enlist other 
institutions (e.g., 
universities) to supply the 
data. 

LMT Operators: The 
operator determines 
who has access to what 
data. 

People 
Aggregator Sites  

LMT Operators: The 
operator unilaterally decides 
which individuals to gather 
data about.  While some 
aggregators allow people to 
opt out in principle, in 
practice very few are aware 
they are being aggregated or 
that they can opt out. 

LMT Operators: The 
operator decides what data 
to host, conditioned on 
what third parties have 
made available to 
aggregate. 

LMT Operators: The 
operator determines 
who has access to what 
data.  

Professional 
SNS  

Balanced: While people 
decide whether to create a 
presence, evolving norms 
can create substantial 
pressure to have a presence 
on some platforms, such as 
LinkedIn. 

Individuals: People craft 
their profiles and list 
qualifications, and some 
make public posts. 
Colleagues can offer skills 
endorsements, but 
individuals are empowered 
to delete them. 

Individuals:  People 
decide what data to 
include in their profile, 
which also determines 
how discoverable they 
will be via search 
engines. 

Credential 
Networks  

Individuals: People decide 
whether to create a presence,  
but if credential networks 
become sufficiently popular, 
individuals could have the 
same pressure to create a 
presence that they have now 
on some professional SNS. 

Balanced:  People create 
profiles and list 
qualifications.  The 
operator together with 
third parties validate 
certain credentials. 

Individuals:  People 
are empowered to 
choose who will have 
access, especially on 
those networks 
supporting the self-
sovereign identity 
model.  

Online Labor 
Markets 

Individuals: People decide 
whether to create a presence.  

LMT Operators:  
Operators store work 
history, client comments 
and ratings, and create 
reputation scores. People 
create profiles and list 
qualifications. 

LMT Operators: The 
operator determines 
what qualifications 
data is explicitly 
available through 
search and filtering, 
and implicitly through 
algorithms. 

Talent 
Acquisition 
Suites  

Balanced:  People decide 
whether to apply, but could 
be pre-screened and 
prevented from creating a 
presence by the employer. 
Employers can unilaterally 
add a presence for passive 
candidates they have 
discovered. 

Balanced:  People 
contribute resumes 
(possibly firm-specific) 
and/or LinkedIn profiles; 
Employers solicit data 
through application 
blanks, testing, interviews, 
etc. 

LMT Operators: The 
employer decides who 
within the firm can 
access this data at each 
stage of the hiring 
funnel. 

Recruitment 
Portals   
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Talent 
Communities  

Balanced:  Individuals 
decide whether to apply, but 
could be pre-screened by the 
employer. 

Balanced: Similar to 
talent acquisition suites, 
except people also pre-
define which types of 
positions or gigs most 
interest them should they 
become available in the 
future. 

Talent 
Exchanges   

Talent 
Management 
Suites  

LMT Operators: Most 
employers unilaterally add 
all employees, but in 
principle could offer an opt-
out provision. 

Balanced:  Employees 
usually populate and 
maintain their own 
profiles. The employer 
may choose to 
automatically populate 
data about work activities 
and job performance.  

LMT Operators:  
Access is usually 
determined by the 
employer, though they 
may choose to grant 
employees some 
control.  

Internal Talent 
Marketplaces  

LMT operators can also generate primary data themselves.  For example, online labor markets 

retain a detailed history for each worker, including the number of jobs completed, what those 

jobs were, all on-platform communications, and public and private ratings by clients.  Much of 

this history is made visible to potential employers explicitly or implicitly by using it in 

algorithms. LMT operators can also use algorithms to generate new data, including reputation 

scores and match scores pertaining to specific jobs (Kokkodis, 2021).  As with reputation scores 

in other domains (Dellarocas, 2006; Tadelis, 2016), those on online labor markets seek to assure 

clients that job candidates are generally capable and trustworthy.6   

Increasing LMT operator control over data extent will reduce information asymmetry, which 

should enhance the interpretability dimension of QV by reducing the discretion for strategic self-

presentation (more on this in Section 4.2.3). It also gives LMT operators discretion to acquire 

data that is more interpretable, such as by using a classification system. 

Regarding the third facet, primary control over data access can reside with the individual, such as 

on a credentials network that supports the self-sovereign identify model, or with the LMT 

operator, as it does with aggregator sites, comprehensive job boards, and all firm-specific LMTs. 

To summarize, while the general effect of LMTs is to increase QV, this claim elides important 

details about the specific mechanisms involved and how they vary across LMTs. I have 

highlighted many of these details in the text and tables supplied above. Table 3 summarizes some 

commonalities across LMTs in how they promote QV dimensions, but Tables 4 and 5 delineate 

differences in their scope of use in hiring and the locus of control over QV, respectively. Based 

on the above, I propose that: 

Proposition 1. LMTs increase QV for a set of potential workers to an audience of 

potential recruiters, but the extent to which this occurs will vary depending on the LMT’s 

scope of use in hiring and the level of LMT operator control over QV.  

3.3 Paradoxical Tensions in the LMT➔QV Relationship  

Paradoxical tensions abound in the visibility literature. Stohl et al. (2016) theorize a 

transparency paradox in which some organizations increase visibility of information in ways 

that actually thwart transparency by creating opacity. Leonardi et al. (2020) revisit the 

transparency paradox and highlight two more: a connectivity paradox (in which efforts to 

increase connections among workers results in overcommunication, interruptions and 

interference), and a performance paradox (in which the highest performers may have the least 

 
6 Reputation is often represented by simple metrics, such extent of work completed and average quality ratings given 

by prior clients, but more complex metrics that draw on a variety of data can also be used (Rahman, 2021). 
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time or inclination to make their good performance visible to others). Watson et al. (2023) 

describe an information compression paradox, where adding data that has low variation to a 

decision process actually reduces the amount of useful information. An emerging literature 

investigates a hypervisibility/(in)visibility paradox in which members of marginalized groups are 

prone to be excessively visibility in terms of negative scrutiny, but insufficiently visible in terms 

of positive recognition (Settles et al., 2019).  

Continuing in this vein, I consider three paradoxical tensions pertaining to the effects of LMTs 

on QV (Figure 3).  In all three cases the paradox arises because some factor connected to LMTs 

increase QV in one way but diminish it in another.   

 

Figure 3: Paradoxical Tensions in the LMT➔QV Relationship 

3.3.1 Crowding on the Field of Visibility  

“And when I'm old and I've had my fun, I'll sell my inventions so that everyone can be 

superheroes. Everyone can be super! And when everyone's super... no one will be.” – 

Syndrome, the villain from Pixar’s The Incredibles. 

LMTs connect recruiters and jobseekers on a field of visibility: Individuals enter a visibility field 

when they have a presence on an LMT, and recruiters become observers on a visibility field 

when they gain access to an LMT. Recruiters manifest a job-specific visibility field segment 

when they use screening tools to determine which subset of the people on the visibility field will 

be considered for a particular position.  Crowding on a visibility field occurs when a large 

number of people flock onto the field.   

The many active and passive jobseekers now flocking onto LMTs account for the general rise in 

QV. For example, nearly 250 million people have a presence on Indeed.  Anecdotal reports (see 

(Black & van Esch, 2020) suggest that employers have seen dramatic surges in applications 

received through their recruitment portals and other digital channels.  These applications are then 

used to populate profiles on various firm-specific LMTs.  

This increased crowding on LMTs no doubt arises from many causes, including the increased 

use of public LMTs by employers (which creates positive cross-side network effects that 

encourage further adoption by individuals), and the digitization of the application process on 

firm-specific LMTs (which decreases application frictions). Increased crowding can also happen 

when two platforms merge.7  

 
7 For example, Li and Netessin (2020) show that when two peer-to-peer holiday rental platforms merged this created 

search frictions that reduced match rates. 
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Regardless of why it happens, crowding matters because of its paradoxical effect on visibility. 

As with the superpowers referenced in the quote above—which are by definition powers that 

exceed some normal baseline—visibility also has a relative quality. Imagine a field of visibility 

in the form of a football stadium. If a single tuba player stands alone at the 50-yard line, they will 

be highly visible to an observer perched up in the stands.  Now imagine this tuba player is just 

one of a 1000 spaced out on the field.  Even if our observer still has an unobscured line of sight, 

the original tuba player will be effectively invisible under this revised scenario.8  

It is not a new idea that something can be perfectly visible in principle but effectively invisible in 

practice. Experiments have shown that banner blindness negates the influence of online banner 

ads (Benway, 1998) and inattentional blindness can hide a gorilla in our midst (Drew et al., 

2013).  While the basic idea that something can be “hiding in plain sight” is not new, the specific 

mechanisms involved will vary depending on the context.  I elaborate those mechanisms now to 

analyze the paradoxical effects of crowding on a field of visibility, and then formulate an 

associated proposition.  

Earlier I specified that qualifications were discoverable to the extent salient actors can easily find 

representations of a worker’s qualifications. What makes an actor salient is that they are seeking 

to fill a position for which the focal worker is plausibly qualified.  I also decomposed 

discoverability into detectability and noticeability, and stated that qualifications are detectable 

when they appear on a field of visibility that is viewable by salient actors, and are noticeable to 

the extent they are likely to draw the attention of salient actors that are searching a field of 

visibility.   

While noticeability is prominent in some prior conceptualizations of visibility (Brantner & 

Stehle, 2021; Brighenti, 2007; Treem et al., 2020) detectability is not. Detectability is necessary 

for noticeability, but not sufficient. Our tuba player is equally detectable per my definition 

whether alone or in a crowd of 1000, but they are much less noticeable in the latter situation. Put 

another way, our tuba player was ostensibly visible in the crowd of 1000 but not materially 

visible, due to crowding on the field of visibility.  

To summarize the above, an important element of material visibility is standing out from the 

crowd, but as the crowd grows—i.e., as more people become detectable and therefore ostensibly 

visible—it is increasingly difficult for any one individual to stand out from the crowd and be 

noticed.9 Stated formally:  

Proposition 2a. Crowding on the field of visibility created by an LMT increases visibility 

for a set of individuals through the detectability pathway, but decreases visibility of any 

particular individual through the noticeability pathway.  

3.3.2 Application Frictions and Signals of Quality and Intent  

"We are not interested in simply seeing our application numbers grow,” Mahoney said. 

“We are interested in attracting more serious, intentional applicants to Boston College 

who see themselves as a good fit for the University.” – Boston College Admissions 

director John Mahoney, commenting on the 25% reduction in applications triggered by 

the addition of an essay requirement (Dunn, 2013).   

 
8 Note that while in this example there is a limited physical space, that is not a requirement for crowding. Birds can 

flock in an essentially unlimited sky, and people can flock in an essentially unlimited LMT. 
9 For example, Leonardi and Treem observed that “as entries into the [knowledge management] system increase, 

individuals face the risk that each presentation of knowledge becomes relatively less visible — that the stage of 

knowledge performances becomes more crowded.” (Leonardi & Treem, 2012, p. 56). 
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While classic economic models assume search frictions away, these frictions occupy a central 

position in search theory (Chade et al., 2017; Rogerson et al., 2005). A search friction is anything 

that raises the cost of finding and/or learning about something an individual or firm wants, such 

as a product to buy, a person to date, college to attend, or an employee to hire. Application 

frictions are a category of search friction that arise when an actor must first apply for permission 

to engage in a transaction.  These frictions include the time and resources to learn if the other 

party is application-worthy and then to complete the application process itself, such as by filling 

out forms, writing essays, or paying fees (Knight & Schiff, 2022; Smith et al., 2015).   

Application frictions—as with search frictions more generally—are undesirable because they 

reduce the efficiency of labor search, resulting in negative downstream consequences, such as 

increased time to fill open positions and frictional unemployment (Goldfarb & Tucker, 2019; 

Rogerson et al., 2005). It seems self-evident that employers should want to remove frictions that 

might discourage applications, especially given how much they invest in attracting applicants in 

the first place. The digitization of the job application process (as facilitated by certain LMTs) has 

indeed lowered these frictions in many ways.  Online applications are easier than applying in 

person, and using a job board to automatically apply is easier still.   

While the straightforward theoretical effect of reducing application frictions is to increase 

application rates (Knight & Schiff, 2022), I could find no studies that examine the actual effects 

of different kinds of application frictions on job application rates. However, there are such 

studies in the education market, where public data exists on whether and when schools adopt 

certain application policies that shift application frictions up or down. For example, Knight and 

Schiff (2022), found that schools adopting the common application—a mechanism explicitly 

intended to lower application frictions—did see increased application rates, and Smith et al. 

found that small changes in application essays and application fees had “sizeable effects on 

applications and enrollment” (2015, p. 17). 

Despite the advantages of lower frictions just discussed, there may be a subtle cost to reducing 

them too far, having to do with the value of signals (Connelly et al., 2011; Spence, 1978).  In 

particular, the willingness of a person to endure a costly application process can be interpreted as 

a positive signal of their self-assessed quality and intent toward the firm (Spence, 2002).  This 

reasoning is apparent in the lead-in quote for this section, where Mahoney implies that they were 

using the new essay requirement to better discern which applicants were “more serious” about 

attending and saw themselves as “a good fit for the university,” even if that meant shrinking the 

overall applicant pool.   

In canonical signaling theory, signals arise in situations of asymmetric information, where one 

party has private information that is not available to the other. In fact, “signaling theory is 

fundamentally concerned with reducing information asymmetry between two parties” (Connelly 

et al., 2011, p. 40).  A signal is an indicator of an entity’s unobservable characteristics, usually 

quality or intent (Stiglitz, 2000), that is freely given, and is credible because only an entity that 

actually possesses the underlying characteristic would also have the signal, usually because it is 

too costly for those who do not possess the characteristic to acquire the signal (Spence, 1978). 

Signaling theory has been appropriated by scholars in many contexts, including strategic 

management, entrepreneurship, and human resources (Connelly et al., 2011). However, Spence’s 

original logic was devised in the context of labor search. Spence's formulation took the 

individual-as-signaler perspective, however subsequent work in human resources has almost 

exclusively taken the firm-as-signaler perspective (Celani & Singh, 2011; Connelly et al., 2011; 

Taj, 2016), perhaps because it connects more directly to levers for managerial action. That is 

because managers have more control over the signals they send to attract jobseekers than they do 

over the signals they receive from them. Even so, Celani and Singh have called for a rebalancing 
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of scholarly attention: “There is a need, however, for research from the [individual-as-signaler] 

perspective. That is, how does the organization read signals from applicants?” (Celani & Singh, 

2011, p. 232).  The rise of LMTs creates a corresponding rise in the ability of employers to 

manage the signals they receive from applicants.   

As noted, most signals map to a signaler’s quality or intent, both of which matter in the context 

of labor search. The quality of a jobseeker, such as determined by the apparent level of person-

job and person-organization fit, is obviously crucial.  Firms want to avoid receiving applications 

from individuals with low self-assessed fit to avoid the risk that such candidates—when they 

actually are low fit—will make it past early screens.  However, intent is also crucial.  People 

with a low intent to join the firm obviously waste recruiter resources—but even worse, their 

continued presence in the funnel can displace higher intent candidates. Also, if a low-intent 

candidate makes it to the offer stage, the elapse of time while they have the offer in hand can 

close the window of opportunity for hiring an alternative high-intent candidate.  

Because the willingness to endure a costly application process creates a positive signal of self-

assessed fit and intent, there could be situations when firms should intentionally raise application 

frictions, as Boston College did with the essay requirement.  Even though this tactic will reduce 

the number of applications—or to put this in the terminology of visibility, it will reduce the 

number of people who chose to enter the field of visibility—it will also result in a pool of 

candidates with qualifications that are more interpretable because their willingness to apply 

becomes a more credible signal of self-assessed fit and intent. 

To sum up the above, applications frictions are negative in the sense that the costs they impose 

will keep some candidates from applying, which reduces ostensible visibility through the 

detectability pathway. However, they are positive in the sense that they help to preserve the 

signal of intent and self-assessed fit that is associated with a willingness on the part of jobseekers 

to persist in a costly process, which increases material visibility (among those who do persist) 

through the interpretability pathway. Stated formally:  

Proposition 2b. Application frictions on an LMT decrease visibility through the 

detectability pathway, but to the extent they create credible signals of quality and intent 

they increase visibility through the interpretability pathway. 

3.3.3 Discretion for Strategic Self-Presentation  

“Shaping and managing visibility is a huge work that human beings do tirelessly.” – 

(Brighenti, 2007, p. 325) 

People have always understood the importance of managing the impressions that others have of 

them in order to gain their good opinion (Goffman, 1959). In the pre-digital era, most impression 

management happened face-to-face, but digital technologies now mediate self-presentation 

(Hogan, 2010; Leonardi & Treem, 2012). Particularly relevant here is strategic self-presentation 

in relation to work qualifications (Leonardi & Treem, 2012).  Strategic self-presentation refers to 

situations where individuals shape representations of their qualifications in ways that they 

believe will best advance their occupational goals, with this shaping ranging from selective 

disclosure, to minor exaggerations, to major falsifications.  Individuals know they may be 

selected into their next job or work assignment based on qualifications made visible through 

digital technologies, and so are motivated to be strategic in how they manage QV. 

Goffman uses the metaphor of a stage play to explain how individuals present idealized versions 

of themselves in everyday life (Goffman, 1959; Hogan, 2010). Adopting Goffman’s 

dramaturgical approach, Leonardi and Treem (2012) argued that knowledge management 

technologies served as a stage on which technical support personnel enacted strategic 
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performances of expertise. In particular, individuals tended to portray their expertise in ways that 

would lead to desirable future work assignments and avoid undesirable ones.  

Despite its popularity, Hogan (2010) has questioned the use of Goffman’s stage play metaphor 

with respect an individual’s online presence, and has suggested an art exhibition as an alternative 

metaphor. In particular, Hogan argued the need to distinguish between digitally-mediated 

performances, which take place during synchronous situations, and digital artifacts, which exist 

as asynchronous exhibitions.  While a stage play is a good metaphor for the former, an art 

exhibition is more apt for the latter.  Hogan notes that an art exhibition is persistent and is 

mediated by a curator, which in the digital world is usually the operator of an online platform. 

The curator has considerable control over what artifacts are exhibited and how. This contrasts 

with the stage play metaphor, where the performance is ephemeral and takes place as a direct, 

synchronous encounter between the individual and a known audience. 

With regard to qualifications, LMTs not only provide an exhibition space, but empower the 

platform operator to act in the role of a curator that shapes the audience’s experience of a 

person’s qualifications.  For public LMTs, the operator is a match-making intermediary. For 

firm-specific platforms, it is a particular employer.   

Earlier (in Table 5) I specified how LMTs differ in the locus of control for QV. It is natural for 

individuals to want to retain control over QV so as to maximize their discretion for acting 

strategically in how they represent their qualifications. Resume inflation is a well-known practice 

(Autor, 2009), and the opposite situation, where individuals act strategically to hide certain 

qualifications in order to dodge enlistment into tasks they view as unattractive is not unknown 

(Leonardi & Treem, 2012).  By presenting themselves in the best possible light on an LMT, 

candidates hope to increase their chances of getting past initial recruiter screens. Put another 

way, they hope to increase their chances of getting into the visibility field segments manifested 

by recruiters, and to appear as prominently as possible in these segments.  In so doing, they 

preserve and enhance their noticeability.  

Despite the fact that jobseekers think they can—and in many cases probably actually can—make 

themselves more noticeable through strategic action, it is arguably in the best interest of the 

majority of jobseekers for LMT operators to have more control and to use it to limit the 

discretion for strategic action in order to improve interpretability.  A few examples illustrate how 

LMT operator control promotes interpretability in this way. Starting with a simple one, 

credential networks (Nietzel, 2020) counter strategic behavior and render qualifications more 

interpretable by standardizing the meaning of various credentials and requiring that they be 

externally validated.   

AlmaLaurea, a comprehensive job board, provides a more extreme example. The platform has 

complete control over who has a presence on the platform (i.e., all graduates from a consortium 

of Italian universities), the extent of data that is made visible (educational records), and who can 

access it (registered employers), leaving no room for strategic action on the part of individuals.  

Because of the first facet of control, employers need not worry that adverse selection has created 

a pool of applicants that are prone to be less attractive than they seem to be. This enhances 

interpretability. Interpretability is also enhanced because recruiters can trust that all information 

reported there (e.g., classes took, grades earned) is accurately represented.  

Recruitment portals and talent acquisition suites provide a third example.  They empower 

employers to directly solicit data that individuals would not otherwise volunteer. This shifts 

some control over data extent to them as curator and reduces the scope of information 

asymmetry, which is the enabling condition for most kinds of strategic action. In addition, 

certain types of employer-solicited data, such as gathered through pre-employment testing, could 
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deter—or make more easily detectable—some types of strategic misrepresentation, such as to 

exaggerate those skills most likely to be verified by pre-employment tests.   

As a fourth example, firms increasingly require disclosure of an applicant’s LinkedIn profile, and 

sometimes use these profiles in place of resumes (Feloni, 2017). As a result of this and a general 

evolution of norms, jobseekers feel pressure to have a presence on LinkedIn, and since so many 

do, this largely negates the possibility of adverse selection on this platform. Furthermore, 

employers can use these public profiles as a consistency check on candidate-supplied data 

(Ollington et al., 2013), because while jobseekers often adjust their resume to each employer of 

interest, they have only one LinkedIn page for all employers to see (Van Dijck, 2013), and this 

prevents them from adding employer-specific enticements.  

To sum up the above, individuals naturally want to retain control over how their qualifications 

story is told.  That is, they may want to preserve some kinds of information asymmetry so they 

can engage in strategic actions to inflate positives and hide negatives in order to preserve and 

enhance their noticeability during the discovery process. However, when platform operators have 

control, the scope of information symmetry and the individual’s discretion for strategic self-

presentation is diminished, and this increases interpretability. Stated formally:  

Proposition 2c. Increased discretion for strategic self-presentation on an LMT increases 

visibility through the noticeability pathway, but decreases visibility through 

interpretability pathway. 

3.4 Consequences of QV for Labor Search Efficiency  

The prior sections theorized how LMTs generally increase QV, and explored three paradoxical 

tensions in which some aspects of LMTs—i.e., crowding, application frictions, discretion for 

strategic self-presentation—promote visibility through one pathway even while they diminish 

visibility through another.  In this section, I theorize the effects of QV on labor search (LS) 

efficiency, which I define as the inverse of the level of resources needed to find, assess, and 

acquire a qualified and interested worker for a particular job or task.  LS efficiency is important 

not just because it lowers the cost of search, but because “reductions in search costs for 

employees and employers should yield aggregate gains in productivity and wages as the quality 

of job matches improves.” (Autor, 2001, p. 33). 

A large stream of research in economics has examined technology’s role in increasing search 

efficiency in general (Chade et al., 2017; Goldfarb & Tucker, 2019), and in lowering labor 

search costs in particular (Autor, 2001; Rogerson et al., 2005). Much of the empirical research 

has linked search costs to unemployment and vacancies (Goldfarb & Tucker, 2019). For 

example, Kuhn and Mansour (2014) found a 25% reduction in reemployment time among those 

who used online tools. Likewise, HR scholars have postulated that emerging digital selection 

procedures can increase search efficiency (Tippins, 2015; Woods et al., 2020).  

My argument for how QV promotes LS efficiency proceeds in three parts, one pertaining to 

discoverability of qualifications, and the others to accessibility and interpretability.   

Discoverability of Qualifications.  As indicated earlier, a worker’s qualifications are more 

discoverable when salient actors—people or algorithms—can more easily find the worker when 

looking for people with those qualifications. Suppose a recruiter is using a particular LMT, and 

that some number of individuals who are reachable through this LMT possess the qualifications 

the recruiter is seeking. If the recruiter can more easily find such workers—i.e., their 

qualifications are more discoverable—then that is another way of saying that the recruiter will 

require fewer resources to find them.  
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Accessibility of Qualifications. Labor search involves multiple rounds of screening and 

selection in which candidates are evaluated on progressively more detailed criteria, as depicted in 

the hiring funnel.  Recall that qualifications are accessible when actors can easily locate, retrieve, 

and process details about a particular worker’s qualifications. Accessibility refers to data that is 

already codified, and also to the ease with which employers can extract and codify additional 

data and make that data available to recruiters, such as through psychometric testing (Tippins, 

2015) or machine learning methods (Hickman et al., 2022; Sajjadiani et al., 2019).  

Increasing accessibility allows each round of screens to be based on a fuller picture of candidate 

qualifications, which should improve search efficiency by avoiding certain kinds of Type I and 

Type II errors. Type I errors—i.e., passing someone on to the next stage of the funnel who 

should have been ejected—results in a waste of resources to identify the mistake in subsequent 

rounds of screening, or even worse, to bear the costs of mistakenly hiring an unqualified worker. 

These errors can occur when an employer lacks access to data (such as skills test results) that 

would show that a candidate is weaker than they appear to be (e.g., because a candidate has 

exaggerated their skills). Type II errors, by contrast, involve ejecting someone from the hiring 

funnel who should not have been.  This carries the potential opportunity cost of hiring a less 

qualified worker in their place or no worker at all.  These errors can occur when an employer 

lacks access to data that would have shined a more favorable light on a candidate, such as that 

they possess some skills that were (for whatever reason) not voluntarily disclosed.  In sum, those 

Type I and II errors that arise from a lack of accessibility result in the waste of search resources, 

which means they reduce LS efficiency.10   

Interpretability of Qualifications.  Indicators of qualifications are interpretable when these 

indicators allow actors to make valid inferences about a person’s KSAOs.  As with accessibility, 

increased interpretability improves search efficiency by helping to avoid Type I and Type II 

errors.  Decreasing misinterpretations that overrate a candidate helps to avoid Type I errors, 

while decreasing misinterpretations that underrate candidates avoids Type II errors.  

Potential Boundary Conditions. Although the above logic is fairly straightforward, some 

potential boundary conditions could apply. For example, if all employers embrace and use LMTs 

equally effectively, then some of efficiency benefits to each will be competed away, as the 

resulting increased discoverability for all firms will magnify competition for the most qualified 

candidates and reduce average yields for those candidates.11 As another example, should it turn 

out that the most visible job candidates on certain LMTs tended to be adversely selected—as was 

speculated by some observers in the early days of job boards (Autor, 2001)—then this would 

attenuate the efficiency benefits of the increased QV produced by those LMTs, as recruiters 

would have to bring more careful scrutiny to bear on those candidates, and might still experience 

elevated Type I errors. As a third example, increased discoverability can increase the size of 

applicant pools to the point where recruiters must increasingly rely on algorithms to process the 

pool. Increased reliance on such algorithms could have unexpected consequences—such as 

systematic biases (Chan & Wang, 2018; Dastin, 2018)—that could attenuate the efficiency 

benefits of QV. 

To summarize the above, although some boundary conditions may apply, the general effect of 

increasing the three dimensions of QV should be to make it easier to find out which workers 

should be granted entry to the hiring funnel, and should reduce the prevalence of Type I and 

 
10 For internal hiring, Type II errors can have additional negative consequences for rejected internal applicants. 

More specifically, when such applicants feel they were wrongly dismissed from consideration (or dismissed too 

soon), this can lead to lower motivation and satisfaction, and increased turnover risk (Dlugos & Keller, 2021). 
11 That said, since firms vary in how they define match quality, especially with respect to person-organization fit, 

each might be able to maintain their yield of candidates with the highest firm-specific fit.  
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Type II errors as workers are moved through the funnel, with a resulting increase in LS 

efficiency. More formally:  

Proposition 3: Increased visibility of qualifications for a set of potentially recruitable 

workers enables organizations to increase the efficiency of their labor search spanning 

this set of workers.  

3.5 Plausible Indirect Consequences of QV Operating through Labor Search Efficiency  

LS efficiency is desirable not just for its own sake but also for its downstream consequences. In 

this section I explore several such consequences. Specifically, I offer some initial arguments for 

why QV-enabled increases in LS efficiency will, other things: (1) increase match quality for 

hired workers, (2) enable more diverse hires, (3) expand the feasible scope for internal mobility 

programs, and (4) expand the feasible scope for the giggification of work.  

Match Quality for Hired Workers. Goldfarb and Tucker assert that “low search costs are likely 

to increase the quality of matches between buyers and sellers, firms and workers, etc.” (2019, p. 

11), which implies that increased LS efficiency should likewise improve match quality.  

Increased LS efficiency arises from more efficient execution of the various stages of the hiring 

funnel. Greater efficiency in the early stages means that organizations can cast a wider net and 

let more leads into the funnel. An initiative at Unilever to restructure their hiring funnel provides 

an illustration (Feloni, 2017).12  

While efficiency in the early stages of the funnel enables firms to broaden their search heuristics 

and thereby create a larger pool of qualified applicants, efficiency in the later stages means firms 

can more carefully assess match quality for the best candidates from this larger applicant pool, 

which, other things equal, should enhance match quality for hired workers.  

Diversity of Hires. Digital screens early in the recruiting process can enable managers to 

process a larger and more diverse set of applicants, because the screening cost per applicant is 

negligible. For example, digital screens allowed Unilever to discard pool-narrowing heuristics, 

such as only recruiting from certain schools, and using hard GPA cutoffs to determine who from 

these schools to interview (Feloni, 2017). The enlarged pools of qualified candidates will usually 

contain a larger number of qualified diversity candidates, and other things equal, should enable 

more diverse hiring for employers that seek diversity.  In fact, Unilever claimed to have hired 

“their most diverse class to date” with a “significant” increase in hiring of non-white applicants 

(Feloni, 2017). Granted, if all firms seek to expand the diversity of their candidate pools at once, 

then some of the benefits to each will be diminished as competition expands for specific 

diversity candidates. However, because companies may differ in what they seek in a diversity 

candidate, this is not necessarily a zero-sum game.   

Internal Mobility. A third plausible consequence of increased LS efficiency is to expand the 

feasible scope for internal mobility programs. One advantage of internal mobility is to give 

greater authority to people who are already socialized into the organization and possess firm-

specific knowledge (Dessler, 2011, p. 212; Heneman et al., 2019, p. 270).  It also empowers 

people who currently inhabit low-fit positions to move into higher-fit positions through 

 
12 Rather than following their traditional practice of targeting elite universities and arranging telephone interviews 

only for those with strongest qualifications (on paper), Unilever introduced two AI-enabled digital screens as the 

first steps in the process.  Only those candidates passing these screens were granted in-person interviews.  

Unilever claims their new process doubled the number of applicants, tripled the number of schools they recruited 

from, reduced the average hiring cycle time by 75%, increased the final-round offer rate by about 25% (which 

suggests better identification of candidates with high person-job fit), and increased the acceptance rate in this 

larger group of offers by about 25% (which suggests an improved yield of high-fit candidates).   
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promotion or transfers (Weller et al., 2019). As a third potential advantage, Bidwell (2011) found 

that internal hires were cheaper, more productive, and less likely to leave than external workers 

hired into similar positions.  

One of the most common ways to promote internal mobility is to prefer internal hiring for non-

entry level positions (Cappelli, 2019). However, such preferences have a subtle cost arising from 

vacancy chains. Filling an open position with an internal candidate usually has the side effect of 

creating a new vacancy to replace the internally-hired worker, and if that vacancy is filled from 

within, and the next, then the result is a chain of vacancies (Bidwell, 2017, 2020; Haveman & 

Cohen, 1994). This chain only ends with an external entry-level hire, or by encountering a unit 

that has enough slack to get by without replacing the lost worker. However, firm-specific 

LMTs—and in particular, internal talent management suites (Heneman et al., 2019, p. 518)—

increase the visibility of internal job candidates, and thereby reduce search costs for each link in 

the chain. 

Because of vacancy chains, expanding internal mobility will mean engaging in labor search more 

frequently. To the extent the costs associated with increased search frequency constitute an 

impediment to expanding internal mobility, an increase in search efficiency should expand the 

feasible scope for these programs.  

Giggification of Work. A fourth plausible consequence of increased LS efficiency is to expand 

the feasible scope for the giggification of work, i.e., the organization of work as a collection of 

gigs to be completed by individuals who are dynamically sourced from a pool of available gig 

workers. A key advantage of giggification is to enhance a firm’s ability to grow or shrink their 

workforce in response to shifts in demand for labor overall and for particular skills (Ashford et 

al., 2007; Pfeffer & Baron, 1988).13 Gig workers can be sourced externally using an online labor 

market, or internally using an internal talent marketplace.14  

Regardless of how firms source gig workers, increased giggification will—as with increased 

mobility—increase the frequency of labor search, perhaps dramatically so, because some portion 

of tasks a manager would otherwise directly assign to role-based workers will instead require a 

search for a suitable external or internal gig worker. The use of LMTs will generally improve the 

efficiency of these searches by increasing the QV for potential workers.  Lowering search costs 

for external gig workers can also be viewed as reducing the transaction costs associated with 

getting labor from the market, which, per transaction cost economics (Tadelis & Williamson, 

2012), should expand the feasible scope for externally sourced gig workers. 

To the extent that the search costs resulting from increased search frequency constitute an 

impediment to giggification, an increase in search efficiency—as enabled increased QV—should 

expand the feasible scope for giggification of work. 

4. Discussion and Future Work  

The visibility of qualifications is of central importance to labor search in general and the person-

job matching process in particular.  However, there has been little in the way of focused attention 

on QV as a concept, its antecedents, and its consequence—despite the emergence of a wide 

 
13 Firms can also avoid various expenses associated with full time employees, including employee benefits, 

maintaining norms of pay equity, providing ongoing training and development, and continuing to pay workers 

during temporary downturns in demand (Ashford et al., 2007; Barley et al., 2017; Pfeffer & Baron, 1988). 
14 Organizations have two ways to create a pool of internal gig workers. First, they can designate certain employees 

to be pure gig workers who move fluidly among units to complete discrete projects, lacking a persistent 

attachment to any particular organizational unit (e.g., (Boudreau, 2010)).  Alternatively, organizations can allow 

ordinary employees to accept side-gigs, i.e., special projects that they complete in addition to their normal duties 

(Kiron et al., 2020). 
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variety of LMTs that magnify QV and shape it in non-obvious ways.  Accordingly, the central 

contributions of this paper are: (1) to develop the concept of qualifications visibility and 

elaborate its dimensionality, (2) to delineate how it is magnified and shaped by LMTs, and (3) 

draw on theories of visibility, signaling, and strategic self-presentation to devise a theoretical 

model of labor search that places QV at its center. These contributions have potential 

implications for a number of broad literatures (e.g., visibility, LMTs, labor search, signaling, 

strategic self-presentation). However, here I will focus on two literatures in particular: (1) 

visibility in organizations and society, (2) labor search in the context of organizational staffing, 

particularly as it relates to hiring and staff deployment. 

Visibility in Organizations and Society. As already noted, visibility has received growing 

attention as a theoretical concept. Some scholars take a broad perspective on visibility in (e.g., 

(Brantner & Stehle, 2021; Brighenti, 2007, 2010; Leonardi & Treem, 2020)) while others focus 

more narrowly on visibilities related to social media, knowledge management, or other 

communication technologies (Leonardi, 2014; Leonardi & Treem, 2012; Safari et al., 2022; 

Treem & Leonardi, 2013; Treem et al., 2020; Yoon et al., 2024).  A closely related stream 

considers the implications of pervasive personal data digitalization (PDD), such as for human 

autonomy and dignity (Davidson et al., 2023; Leidner & Tona, 2021; Zuboff, 2023).  Of course, 

digitized personal data must first be made visible to people and algorithms (such as through the 

LMTs described in this paper) in order to have implications for autonomy and dignity analyzed 

in this literature. Even so, the visibility of worker qualifications has not been a focus in the 

visibility15 or PDD literatures.   QV as developed here and the explication of how it is shaped by 

LMTs could provide a foundation for visibility scholars—and those concerned with the effects of 

PDD on human autonomy and dignity—to extend their inquiries to the staffing domain. Of 

particular interest here are variations across platforms regarding the locus of control, and my 

delineation of the three QV control dimensions: platform presence, qualifications data extent, 

and qualifications access.   

Also of relevance to visibility scholars could be the general idea of formally unpacking visibility 

dimensions, and perhaps the specific dimensions unpacked in this paper. Although I’ve used this 

decomposition to surface tensions pertaining to labor search, this same decomposition—with 

suitable adaptations—might be useful in other domains of interest to visibility researchers.  For 

example, scholars of communication visibility might examine how organizations employ the 

features offered by team collaboration tools like Slack to manage visibility tensions with respect 

to team communications and work products.  This is particularly relevant to organizations that 

use such tools to enact a more open policy regarding team communications, perhaps even to the 

point of “radical transparency” (Dalio, 2018; Rouif, 2024). Could a policy of team 

communication openness on the detectability and noticeability dimensions trigger unintended 

effects related to accessibility and interpretability? Might employees react—as they have in other 

contexts (Anteby & Chan, 2018; Bernstein, 2012)—to what they perceive as excessive visibility 

by taking active measures to hide their activities?  For example, could some team members seek 

to thwart the increased detectability and noticeably produced by open communication policies by 

diverting communications to private or unofficial channels, thus making them less accessible 

(even to fellow team members) than they would have been without the policy? In what contexts 

would this be most likely to happen? And do team members have to interpret communications 

differently in organizations where they have to wonder if some people are mostly playing to a 

crowd beyond the team?  To sum up, the dimensions of QV delineated here, with suitable 

adaptations, could provide a framework to inspire new theorizing and empirical work related to 

 
15 A notable exception is Leonardi and Treem (2012), who examined how individuals used a knowledge 

management platform to shape perceptions of their knowledge and skills in order to affect the interpretations of 

others as to their qualifications to perform certain kinds of tasks. 
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the transparency paradox (Leonardi & Treem, 2020, p. 1213) in which “efforts by organizations 

to provide greater transparency into communication, information, and operations can actually 

obscure and obfuscate organizational activities, rendering them functionally invisible.” 

Labor Search in the Context of Organizational Staffing. Although QV has potential 

implications beyond human resources (as just noted), the theory’s most direct implications are in 

the HR domain, specifically for labor search. A natural starting point for scholars would be to 

investigate the model’s propositions.  

For example, Proposition 2b turns on the fact that application frictions can create credible signals 

of quality and intent that increase visibility through the interpretability pathway. In the HR 

literature that uses signaling theory as a lens (Connelly et al., 2011), research has taken the 

employer-as-signaler perspective almost exclusively (Celani & Singh, 2011), and has mostly 

attended to actions that employers can take to make themselves more visible in ways that send 

credible signals, rather than how to interpret signals from applicants. As a result, Celani and 

Singh have called for a rebalancing of scholarly attention, as previously noted.  The rise of LMTs 

creates a corresponding rise in the ability of employers to judge and manage the signals they 

receive from applicants.  Future research could use signaling as a theoretical basis, and prior 

work on the college application process (Avery & Levin, 2010; Knight & Schiff, 2022; Smith et 

al., 2015) as an empirical model for how to study job application frictions, and the circumstances 

in which they can create credible signals of job-seeker quality and intent. While public data on 

the use of mechanisms that increase (or reduce) applications frictions in hiring are less accessible 

than for college admissions, it should be possible to get some insights from scraping recruitment 

portals, or enlisting the active cooperation of specific firms. In addition, existing HR studies on 

realistic job previews (RJPs) (Bretz Jr & Judge, 1998; Phillips, 1998; Ryan et al., 2000), 

including one that has taken a signaling frame (Capitano et al., 2022), could be a source of 

research design ideas for studying Proposition 2b.  Finally, it might be interesting to extend 

theorizing to distinguish between two different kinds of application frictions: those that make it 

more difficult for candidates to decide if a firm is application-worthy, and those that make it 

more difficult to actually apply once the application decision has been made.  Perhaps only the 

latter sort of friction has the paradoxical effects posited in P2b.    

As a second example, researchers could use Proposition 2a (LMT-related crowding and QV), 

and Proposition 2c (LMT-enabled strategic-self presentation and QV), to support a new stream 

of research on the evolution and efficacy of jobseeker tactics in an era of increasing QV—and 

the potential employer responses to these tactics. Such research could use strategic self-

presentation as a theoretical lens. For example, field researchers could engage with jobseekers to 

discover what kinds of tactics they employ to remain noticeable on increasingly crowded 

visibility fields, and the implications of those tactics for the interpretability dimension of QV.16  

Additionally, as visibility fields become more crowded, the aphorism “it’s not what you know, 

it’s who you know” might warrant new attention. Does this aphorism—which highlights the role 

of networking and referrals in employment (Granovetter, 2018; Mouw, 2003; Obukhova & Lan, 

2013)—become less salient in an era of increased QV, where it has become far easier for 

 
16 Rahman’s (2021) ethnographic study of online labor markets provides an example of this style of research for 

qualitative researchers. Quantitative researchers could also study jobseeker tactics, but they will probably will 

need to devise ways to quantify strategic self-presentation. Towards this end, Twyman et al. (2020) have 

developed a system that uses non-intrusive methods that are already part of the digital application process in 

many firms (i.e., asynchronous video interviews) to extract evidence of lying about qualifications.  Sajjadiani et 

al. (2019) use AI algorithms to automatically map a candidate’s work history or other data to more interpretable 

KSAO categories, ones that predict actual job outcomes. This technique might provide a baseline from which to 

identify some kinds of strategic misrepresentation.  Also of potential relevance are tools to detect cheating in 

online assessments (see Tippins (2015) and Woods et al. (2020) for good discussions of the incidence of cheating 

and the current state of countermeasures.) 
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strangers to discover, access, and interpret representations of what you know? Or does it become 

more salient because jobseekers can now use professional SNS (Garg & Telang, 2018) to 

leverage who they know on a far grander scale?  It seems quite plausible that personal contacts 

could increase in importance as a mechanism to compensate for the loss of noticeability that 

results from increased crowding, per Proposition 2a.  Alternatively, it might be conjectured that 

personal networking has a curvilinear relationship in which it matters most at low levels of 

crowding (where it provides a much-needed alternative pathway for detectability) and at high 

levels (where it provides a much-needed alternative pathway for noticeability).  

As a third example, researchers could empirically examine the consequences of QV for LS 

efficiency (Proposition 3). LS efficiency is of interest due to its intrinsic importance (most 

organizations do after all seek to improve their efficiency) but also because of the potential 

downstream consequences identified in Section 3.5, i.e., for match quality, diversity, internal 

mobility, and giggification. Because the general link between QV and LS efficiency is 

comparatively straightforward—other things equal increased QV should improve LS 

efficiency—researchers might devote their most keen attention to indirect consequences of QV 

working through LS efficiency, and to exploring boundary conditions. Regarding boundary 

conditions, future research could, for example, examine whether the efficiency benefits 

experienced by early adopters and certain beneficial downstream consequences (particularly 

improved match quality and increased diversity of hires) have attenuated over time as an 

increasing number of employers embrace LMTs.  In addition, researchers could compare LMTs 

that vary in their susceptibility to adverse selection or strategic self-presentation to see how these 

variations affect their efficacy in promoting QV and downstream consequences.  In general, the 

least susceptible are comprehensive job boards, people aggregator sites, and online labor market 

platforms, which exert maximum control over the three dimensions of platform presence, 

qualifications data extent, and data access (see Table 5).  The most susceptible are those that put 

individuals in control, including job boards and professional SNS. Credential networks that 

comply with the self-sovereign identity model are an interesting exception: Individuals retain 

complete control over whether to have a platform presence and what data to make accessible to 

whom—but because key credentials are externally validated, individuals have a curtailed ability 

to engage in many forms of strategic self-presentation.            

5. Summary and Conclusions 

Visibility has become a popular topic for theorizing in management and communication, but one 

kind of visibility largely absent from this stream is the visibility of qualifications.  This absence 

is surprising given the importance of QV in staffing and labor search, and the major shift in the 

nature and extent of QV that has been triggered by the rise of LMTs.     

In this paper I’ve developed the concept of QV—anchored on prior visibility concepts from the 

management and communication literature—and placed it in a nomological network standing 

between LMTs and labor search efficiency. I have specified how LMTs shape QV, and 

highlighted the role of some paradoxical tensions that complicate this shaping process. I have 

also provided initial rationales for some indirect consequences of QV acting through labor search 

efficiency. The goal of these efforts has been to clarify why QV is a useful and powerful concept 

worthy of focused attention, and to create a robust conceptual platform for future work on the 

implications of QV for labor search.  
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Appendix A: Visibility Concepts in Prior Work 

Source Category Definition Facets 

This paper Qualifications 

visibility in 

labor search 

Qualifications visibility is the ease with 

which salient actors can discover, access, 

and interpret a person’s qualifications for 

particular jobs or tasks 

• Discoverability 

• Accessibility 

• Interpretability 

Stohl et al. 

201617 

Information 

visibility to 

facilitate 

organizational 

transparency 

Information visibility is "the combination 

of three attributes: availability of 

information, approval to disseminate 

information, and accessibility of 

information to third parties" (p. 124)  

• Availability 

• Approval to 

disseminate 

• Accessibility to third 

parties 

Treem et al. 

2020 

Communication 

visibility 

pertaining to 

individual 

messages in 

organizations 

"Communication visibility refers to the 

outcomes of activities through which actors 

strategically or inadvertently: (a) make 

their communication more or less 

available, salient, or noticeable to others, 

and (b) view, access, or become exposed to 

the communication of others, as they (c) 

interact with a particular sociomaterial 

context" (p. 46). 

• Actors affect the 

visibility of 

communication by 

making it more or less 

available, salient or 

noticeable to others  

Leonardi & 

Treem 2020 

Behavior 

visibility in 

organizations 

and society 

Behavioral visibility is the "sociomaterial 

performance of the behavior of people, 

collectives, technological devices, or 

nature in a format that can be observed by 

third parties through minimal effort such 

that patterns, causes, or motives can be 

inferred (regardless of the veracity of those 

inferences)" (p. 1605) 

• Encompasses behavior 

of people, collectives, 

devices, and nature 

that can be observed 

with minimal effort 

Brantner & 

Stehle 2021 

Digital visibility 

of individuals in 

organizations 

and society 

"'Digital visibility' refers to perceptibility 

as the likelihood of being ‘seen’ in the 

sense of being noticeable (this 

understanding is closest to the original 

understanding), in being heard or noticed, 

or in the sense of being respected or 

recognized" (p. 93)  

• Being noticeable 

• Being heard or noticed 

• Being respected or 

recognized 

 

  

 
17  Of the visibility concepts highlighted here, my approach most closely corresponds to Stohl et al. (2016). Their 

availability, which arises from inscribing (i.e., writing down) information about an organization’s decisions and 

actions, and then storing inscribed information in physical files or digital systems, can be seen as an enabling 

condition for my notion of discoverability. Their approval, which grants permission to see stored information, 

maps most closely to my notion of accessibility.  Finally, their accessibility, which comprises enabling conditions 

that make it easier and more feasible for a person to retrieve and interpret information to which they have been 

granted access, overlaps with my accessibility and interpretability dimensions.  
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